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Declarative Pipelines for ExtractLoad—TransfoA

-> script defining a DAG of ingestion and downstream transform
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Declarative Pipelines A

-> script defining a DAG of ingestion and downstream ELT
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Declarative Pipelines
-> Simplicity
plain SQL definitions are popular
-> Automated Optimization
Databricks declarative pipelines are optimized in the engine



Enzyme Incrementalization Planner

An automatic optimizer for incrementalizing MVs
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Holistic Pipeline Optimization

Save infrastructure costs and/or reduce end-to-end latency

« Analyze dataflow graph
- Execute independent parts in parallel

« > 50% gains over sequential execution, when incremental workloads



More In sponsor talk (ruesday ~10am)

« Software Engineering practices meet Declarative
Pipelines

« Data Quality
* Enhanced Autoscaling






